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The RL Conductor

Empirical Results

We propose the Conductor, a small LM which designs adaptive agentic scaffolds over 
powerful workers to solve complex tasks

Background
Multi-Agent Orchestration

Recursion

The Conductor objective is to solve tasks 
indirectly by designing agentic workflows to 
input questions. 

Each workflow is made up of 
1) The participating agents
2) The subtasks assigned to each agent
3) The communication topology between 

agents

Pure end-to-end reward maximization with 
GRPO:

over the format reward, which enforces the 
parseable Conductor strucured response, and 
the final downstream task reward

The elicitation of “reasoning” in LLMs, broadly 
understood as the capability to understand and 
decompose highly complex tasks into 
methodically solvable steps, with approrpiate 
exploration, self-refinement, backtracking, and 
aggregation of intermediate reasoning pathways, 
is increasingly accredited to reinforcement 
learning

Multi-agent orchestration ought to resemble 
this same reasoning process, but at a 

macro-level over agents. This naturally invites 
RL as our training paradigm 
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